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niBERITE L | Tagging efficiency
[ns] [%]
SK6 prompt. keras| 114.3£1.9 47.8x£0.4
SK7 prompt. keras| 62.5£0.7 65.7 0.5
SK6 |lowfit_cut 114.0+2.1 35.0x0.3
SK7 lowfit_cut 62.7 0.7 51.6+0.4
n KfE 24 | Tagging efficiency
[ns] [%]
SK6 prompt. keras| 117.6%£2.5 48.8 0.5
SK7 prompt. keras| 62.2£1.0 66.4%£0.9
SK6 |lowfit. _cut 116.2£2.7 35.8+0.4
SK7 lowfit_cut 61.6*x1.1 2.8+ 0.7
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